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A possible way to improve model biases and prediction skill
A brief description of the model
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Do seasonal means improve with resolution? What about qualitative (categorical) prediction? Does increased resolution improve synoptic variance?
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»q, and q, =>» Respective probabilities of an accurate forecast in a
randomly chosen year that the low and high-resolution versions of the CFSv2
model will produce

»X X, .....X,, =¥ random variables (RV) associated with the forecast of
CFSv2 (T126)

»Y.,Y, ...,Y. =2 random variables (RV) associated with the forecast of
CFSv2 (T382)

»X/sandY/'s =» ~ Ber(q,) and Ber (q,) respectively
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